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Abstract As political issues have increased in complexity, public 
opinion researchers increasingly ask respondents about sophisticated 
political topics that may require substantive knowledge and analytic 
skills, raising concerns about survey satisficing. In this note, we exam-
ine the correlates of one manifestation of this kind of satisficing—re-
sponse order effects, or when respondents are more likely to pick the 
top response options from a list. We do this by analyzing randomized 
response order experiments embedded in surveys conducted across 
three years, where 6,291 respondents provided their opinion on 40 
complex issues before the Supreme Court. We find an overall response 
order effect of 2.8 percentage points with substantial heterogeneity re-
lated to both question length and respondent knowledge. These factors 
also interact with one another; among the most sensitive subpopula-
tion—low-knowledge respondents answering long questions—the pre-
dicted response order effect was 17.4 percentage points. On the other 
hand, question complexity and respondent education did not moderate 
response order effects. Our practical advice for researchers asking 
about complex issues is that they should focus on being brief, rather 
than using extra words to make the language simpler.

Survey researchers have worried about the responses they obtain from ask-
ing about complex policies, concerned that respondents are providing 
nonattitudes or data measured with error (e.g., Converse 1964; Alvarez and 
Brehm 2002). These concerns have only increased as the world—and politi-
cal issues—have increased in complexity. For instance, pollsters asked about 
President Joseph Biden’s Build Back Better legislation, a complex piece of 
policy with many components (e.g., Prokop 2021). More generally, every 
two years, the Cooperative Election Study (CES) asks people how they 
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would vote on various pieces of legislation in an attempt to jointly scale the 
ideological locations of the public and members of Congress (e.g., 
Ansolabehere and Kuriwaki 2022). Public opinion researchers also have 
asked about complex legal issues concerning the role of the Supreme Court 
in US politics (e.g., Jessee, Malhotra, and Sen 2022). These issues are com-
pounded by worries that inattentive survey respondents populate internet sur-
vey panels, which are an increasingly used data collection methodology 
(e.g., Berinsky, Margolis, and Sances 2014).

The literature has generally argued that task difficulty and respondent ability 
can compromise data quality because they are related to survey satisficing (e.g., 
Krosnick 1991, 1999). One sign of satisficing is response order effects, or when 
respondents pick the top response option from a list in visually administered 
questionnaires. Such a practice can introduce both bias and error in survey data 
(Krosnick and Alwin 1987; Schuman and Presser 1996). The empirical litera-
ture is somewhat mixed, with some studies finding that order effects are more 
present in complex questions (e.g., Holbrook et al. 2007) and other studies find-
ing the reverse relationship (e.g., Malhotra 2009).

In this research note, we assess the correlates of response order effects by 
analyzing survey responses to complex questions about cases before the 
Supreme Court and related political issues. We leverage randomized re-
sponse order experiments embedded in three surveys conducted in 2020, 
2021, and 2022. Across these three waves of data collection, 6,291 respond-
ents provided their opinion on 40 upcoming Supreme Court decisions, pro-
viding over 84,000 observations for analysis.

On average, we observe that respondents were 2.8 percentage points more 
likely to select a response option when it was listed in the first compared to 
the second position. However, we also find substantial heterogeneity in this 
effect across questions and respondents. Questions containing more words 
exhibited higher response order effects, while respondents with more 
domain-specific knowledge about the Supreme Court were less likely to ex-
hibit response order effects. Additionally, these two variables exhibited a 
significant interaction: the relationship between question length and response 
order effects was strongest for the least domain-knowledgeable respondents. 
Although response order effects are estimated to be close to zero for shorter 
questions and for higher domain-knowledgeable respondents, we find that 
among the most sensitive subpopulation—low-knowledge respondents an-
swering long questions—the predicted response order effect was extremely 
large, being estimated at 17.4 percentage points. On the other hand, linguis-
tic complexity/readability and respondent education did not moderate re-
sponse order effects.

Our findings have important implications for survey researchers trying to 
understand public opinion, especially on complex policy issues. First, a 
trade-off exists between providing detail and ensuring response quality. 

2                                                                                                S. Jessee et al. D
ow

nloaded from
 https://academ

ic.oup.com
/poq/advance-article/doi/10.1093/poq/nfae050/8005355 by The U

niversity of Texas at Austin user on 25 February 2025



Adding more words to a question may make the description of the issue— 
particularly on a complex topic—more informative and precise, or even al-
low for simpler language. However, it comes at the expense of possibly 
greater survey satisficing. Researchers should attempt to capture the essence 
of a question in as few words as possible. Second, complexity of language 
does not moderate response order effects, meaning that researchers should 
not shy away from using complex language if this can decrease overall ques-
tion length. Third, although our advice applies very generally to both com-
plex and noncomplex policies, complex policies are ones where people may 
have less domain knowledge to begin with, and so survey responses to such 
questions may be most vulnerable to bias. Fourth, substantive knowledge of 
a topic and education are distinct concepts and education does not moderate 
response order effects. Hence, weighting by demographics is not a compre-
hensive solution since it may not fully capture domain knowledge. Further, 
as respondents with low domain-specific knowledge about the topic exhibit 
larger response order effects, reported differences across subgroups can be 
confounded by survey artifacts. Finally, although our findings underscore 
the importance of randomly rotating response options, they also sound a 
note of caution. Random rotation reduces bias but does not eliminate mea-
surement error. Nonetheless, variance can be reduced via increasing sample 
size whereas bias is unaffected.

In summary, the primary concern with asking about complex policies is 
not the readability of the text or the cognitive sophistication of respondents, 
but rather issues related to attentiveness and domain knowledge of satisfic-
ing respondents. Researchers should worry less about uneducated respond-
ents reading complex text and more about disinterested respondents reading 
long questions.

Theoretical Motivation
Our theoretical motivation is based on Krosnick’s (1991) theory of survey 
satisficing, which argues that manifestations of inattentive survey re-
sponse—including selecting the first response alternative presented—is a 
function of three main variables: (1) task difficulty; (2) respondent ability; 
and (3) respondent motivation. The first variable represents an item-level 
characteristic, whereas the latter two represent respondent-level characteris-
tics. Krosnick notes that these three factors can have both additive and inter-
active effects on satisficing. Sudman, Bradburn, and Schwartz (1996) argue 
that for visually presented scales, response order effects are primarily a man-
ifestation of survey satisficing rather than memory limitations or cognitive 
elaboration.

We also draw on Sherif and Hovland’s (1961) concept of the “latitude of 
acceptance,” or the idea that there is a zone of attitudes and statements that 
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individuals are comfortable attaching themselves to. Applied to survey meth-
odology, multiple response options may be acceptable in a respondent’s 
mind, so they may be willing to select the first one they see that is within 
their latitude of acceptance. Attitudes can be represented as latent, unobserv-
able variables with survey responses being crude mechanisms by which indi-
viduals report their underlying attitudes with measurement error. Survey 
methodologists are often concerned with how various measures (e.g., the 
number and labels on Likert scales) allow respondents to map latent attitudes 
onto survey measures. However, respondents themselves can influence this 
mapping independently of how questions are written. If respondents have 
low ability or motivation, they may have a wide latitude of acceptance, and 
therefore be more willing to select the top response option if multiple 
options fall within the latitude. Similarly, complex question stems can lead 
to difficulties in processing information and may cause multiple response 
options to fall within the latitude.

In this study, we examine two main item-level characteristics: question 
length and question complexity/readability. Although both are posited to re-
late to task difficulty, we argue that they are distinct concepts. Text can be 
long but use simple structure and syntax; alternatively, it can be short but 
have very complex structure.1 In the following section, we describe how we 
measure these two variables.

We examine two main respondent-level characteristics: education and do-
main knowledge. Both of these variables have been suggested to tap respon-
dent ability and motivation (Krosnick 1991), but we conceive of them as 
distinct constructs. Education taps cognitive and linguistic skill (Cor et al. 
2012) and therefore the direct ability to process complex text. On the other 
hand, domain knowledge proxies for interest and familiarity with the subject 
matter, which is likely correlated with respondent attention and motivation 
to process complex language with respect to policy issues. As explained be-
low, these two variables are far from perfectly correlated in our data, as there 
are policy topics that can draw (dis)interest from diverse groups of 
respondents.

For designers of surveys, it is important to know whether survey satisfic-
ing is driven by question length, readability, or both—and respondent educa-
tion, domain knowledge, or both—as these have important implications for 
how questions are designed and how researchers should weigh competing 
trade-offs when writing survey items. We return to these issues when we dis-
cuss recommendations based on our empirical findings.

1. Previous studies have documented that response order effects increase with more words and 
syllables in questions and response options (e.g., Schuman and Presser 1996; Holbrook et al. 
2007). Although some scholars have argued that readability moderates satisficing (e.g., Kimball 
and Kropf 2005; Velez and Ashworth 2007), other research has questioned whether readability is 
a relevant construct for evaluating survey questions (Lenzner 2014).
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Design, Measures, and Methods
We conducted three national surveys, each asking respondents’ opinions on 
the key issues on prominent cases from the Supreme Court’s docket. The 
bulk of the survey questions were only a few sentences long and used 
straightforward language, but they asked respondents’ opinions on complex, 
multifaceted Supreme Court cases involving issues such as civil rights and 
presidential powers.

The surveys were conducted by YouGov. The data collection periods for 
the three surveys were: (1) April 29, 2020–May 12, 2020, for the 2020 wave 
(n¼ 2000), (2) April 7, 2021–April 14, 2021, for the 2021 wave (n¼ 2,158), 
and March 30, 2022–April 6, 2022, for the 2022 wave (n¼ 2,133). The par-
ticipation rates (the proportion of panelists invited to take our survey who 
completed the survey) are 69 percent, 71 percent and 87 percent, respec-
tively, for the three waves.2 Full question wordings can be found in 
Supplementary Material sections 1 and 2. Each survey was administered on-
line by YouGov using a diverse, national sample of American adults 
recruited as part of their main panel study. Using sample matching proce-
dures, YouGov matches respondents drawn from their opt-in panel to repre-
sentative benchmark datasets such as the American Community Survey, the 
Current Population Survey, the Pew US Religious Landscape Survey, and 
voter files (Ansolabehere and Schaffner 2014). YouGov draws a random 
sample of respondents from these data sources to create a “target sample.” It 
then matches individuals from its opt-in internet survey panel via perfect re-
placement such that the survey sample is equivalent to the target sample. 
Sample matching has been shown to perform well; studies that have con-
ducted concurrent surveys comparing YouGov against probability samples 
demonstrate similar results across sampling methods (Rivers and Bailey 
2009; Ansolabehere and Schaffner 2014). This includes not only means and 
distributions of variables, but also relationships among survey variables and 
similarities to verifiable benchmarks. Nonetheless, it is important to empha-
size that YouGov does not construct probability samples. All statistical anal-
yses reported below apply poststratification weights provided by YouGov 
unless otherwise noted. Cases are weighted by gender, race, education, and 
age; large weights are trimmed and then normalized. Descriptive statistics of 
the samples as well as the variables of interest can be found in 
Supplementary Material section 3 (table A1).

2. YouGov does not use traditional probability sampling and is therefore unable to calculate an 
AAPOR response or cooperation rate. Furthermore, when potential respondents are invited to 
take a survey, they are only routed to a specific survey after agreeing to participate.
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Response Order Manipulation

Respondents were provided with two response options, indicating the two 
sides of the case. Half the respondents were assigned to “Form A,” where 
they saw the response options presented in the order shown in the 
Supplementary Material (with one side’s argument presented first), and the 
other half were assigned to “Form B,” where they saw them in the reverse 
order (with the other side’s argument presented first).

Measures: Item-Level Characteristics

Question length

Our main item-level predictor of interest is the length of the question as 
measured by the number of words, averaged across the two treatments.3 

This variable ranges between 53 and 131 words, averaging 99.3 with a sam-
ple standard deviation of 20.6. To assess robustness, we also operationalized 
this variable separately as (1) the log of the number of words (see 
Supplementary Material figures A1 and A2); and (2) the number of charac-
ters including spaces (see Supplementary Material figures A3 and A4). For 
both alternative operationalizations of question length, we obtained similar 
overall results.

Linguistic complexity

We measure linguistic complexity using the Flesch-Kincaid readability score 
(Flesch 1948; Kincaid et al. 1975), which is a long-used measure of the ease 
of readability of English text. The formula for calculating the score is 
206.835—1.015 (total words/total sentences) - 84.6 (total syllables/total 
words), with higher numbers indicating easier readability. Intuitively, read-
ability becomes easier as one writes shorter sentences, uses words with 
fewer syllables, and increases the ratio of total words to complex words. As 
a robustness check, we also constructed an index based on the first principal 
component of several measures related to textual complexity: the Flesch- 
Kincaid score, verbs per sentence, subordinate clauses per sentence, and 
complex words (i.e., words with three or more syllables) per sentence. All of 
these variables adjust for text length.4

3. The number of words was very similar within questions between treatments, differing on av-
erage by less than two words between Form A versus Form B.
4. We also considered using various other readability measures, including the SMOG formula, 
the Fry readability graph, the FOG index, and the Dale-Chall formula. However, these other 
measures require longer text lengths for validity (100–150 words) and several of our survey 
items fell below this threshold (Lenzner 2014).
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As mentioned earlier, question length and linguistic complexity are dis-
tinct constructs. In our data, the number of words and the Flesch-Kincaid 
score are correlated at r ¼ -0.18. See Supplementary Material table A2 for a 
correlation matrix of the key variables of interest and Supplementary 
Material table A3 for assessment of potential multicollinearity.

Respondent-Level Characteristics

Substantive knowledge of the Supreme Court

In addition to their opinions on cases, respondents were also asked six ques-
tions to assess their level of domain-specific knowledge of the Supreme 
Court: (1) what the justices’ term lengths are; (2) whether justices are 
appointed or elected; (3) which branch of government has final say over the 
Constitution’s meaning; (4) the name of the current Chief Justice; (5) the 
name of the most recently appointed justice; and (6) the number of justices 
appointed by Republican presidents, all at the time of the survey. We opera-
tionalized Court knowledge as the proportion of these questions that a re-
spondent answered correctly, ranging from all six questions incorrect 
(knowledge¼ 0) to all six questions correct (knowledge¼ 1). The mean 
knowledge level was 0.63 with a standard deviation of 0.29.

Education

As part of their profiles as YouGov panelists, we obtained respondents’ level 
of education within six categories: (1) less than high school; (2) high school 
graduate; (3) some college; (4) two-year degree; (5) four-year degree; and 
(6) postgraduate degree. Substantive knowledge and education were slightly 
positively correlated in our data (r¼ 0.31), indicating that they are distinct 
constructs per our argument above.

Other Control Variables

To assess robustness, we also included a series of control variables not tied 
to our theoretical framework but that may potentially moderate response or-
der effects. Including these control variables—either alone or when inter-
acted with the response order manipulation—does not meaningfully change 
any of our substantive conclusions or point estimates (see Supplementary 
Material tables A5 and A6).

Respondent-level controls

In our robustness checks, we include the following respondent-level control 
variables: gender (male, female); age (under 30, 30–44, 45–64, 65þ); race 
(white, non-white); and party identification (strong Republican, not-strong 
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Republican, lean Republican, Independent, lean Democrat, not-strong 
Democrat, strong Democrat). We standardize all control variables to have a 
mean of 0 and a standard deviation of 1 to aid interpretation of our mod-
els’ estimates.

Item-level controls

We include the following set of item-level controls: (1) whether the case 
was mentioned on the front page of the New York Times (Epstein and Segal 
2000), designed to assess whether more salient and well-known cases exhib-
ited smaller levels of satisficing; and (2) whether the case dealt with one of 
three highly salient civil liberties issues (abortion/contraception, gun control, 
or LGBT rights), which are topics that are extensively covered by prominent 
media outlets (Epstein and Segal 2000) and include some of the most well- 
known rulings (C-Span 2009). These are topics that are critical in lay under-
standings of the Court and therefore may exhibit smaller response order 
effects.5 These item-level controls are also standardized to aid model 
interpretation.

Statistical Models

We pool together all three waves and stack the data such that the unit of 
analysis is respondent i’s survey response regarding case j, and we cluster 
standard errors by respondent (since each respondent provided answers 
to more than one case question). The first OLS regression6 model 
we estimate is: 

Yij ¼ αþ β1Tiþ λwþ εij (1) 

where Yij is a dummy variable coded “1” if the respondent selected the “top” 
response option from Form A (which is instead the bottom response option in 
Form B) as presented in the Supplementary Material and “0” if they selected 
the “bottom” response option from Form A (which is instead the top response 
option in Form B), Ti is a dummy variable coded “1” if the respondent was 
assigned to “Form A” (how the response options appear in the Supplementary 
Material) and “0” if the respondent was assigned to “Form B” (if the response 

5. The list of cases dealing with these items is identified in Supplementary Material Section 1.
6. We estimate linear probability models (i.e., OLS regression models predicting a binary depen-
dent variable) per standard practice in the econometrics literature (Angrist and Pischke 2009) 
and for ease of interpretability. The overall conclusions are unaffected if we estimate logistic re-
gression models instead. Below, we report results from these models as well. Analyses using 
more flexible, less parametric methods such as LOESS also produce very similar overall conclu-
sions. As described below, we conduct numerous robustness checks and none of our results are 
sensitive to model specification.
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options appeared in the reverse order), λw represents survey-wave fixed effects, 
and εij is stochastic error. Hence, a primacy effect (i.e., a response order effect 
where respondents are selecting response options nearer the top on a visually 
administered response scale) would be manifested if β1 is positive.

We next test our main theoretical hypotheses of interest. With respect to 
item-level characteristics, we examine if primacy effects are stronger for lon-
ger items (those with more words Wj) and for items with more complex lan-
guage (Cj). With respect to respondent-level characteristics, we examine if 
response order effects are more pronounced among respondents with low do-
main knowledge, as measured by the proportion of Supreme Court knowl-
edge questions they correctly answered (Ki), and also among respondents 
with lower education (Ei). Hence, we estimate the two following models: 

Yij ¼ αþ β1Tiþ β2Wjþ β3Cjþ β4ðTi �WjÞþ β5ðTi � CjÞþ λwþ εij (2) 

Yij ¼ αþ β1Tiþ β2KI þ β3Eiþ β4ðTi � KIÞþ β5ðTi � EIÞþ λwþ εij (3) 

where the primacy effect is given by β1 þ β4Wj þ β5Cj in Equation (2) and 
by β1 þ β4Ki þ β5Ei in Equation (3). Our expectation is that questions with 
longer words will have larger primacy effects, all else equal; in other words, 
that β4 will be positive in Equation (2).7 Similarly, our expectation is that in 
Equation (3), β4 will be negative, which would indicate that more- 
knowledgeable respondents exhibit smaller primacy effects.

As we show below, question length significantly moderates response or-
der effects but question complexity does not. Further, respondent domain 
knowledge moderates responder order effects but education does not. Hence, 
in our final model, we assess whether there is a three-way interaction be-
tween survey form (the dummy variable representing whether respondents 
received Form A), item length, and respondent’s domain knowledge. 
Specifically, we estimate: 

Yij ¼ αþ β1Tiþ β2Wjþ β3Kiþ β4ðTi �WjÞþ β5ðTi � KiÞþ β6ðWj � KiÞ
þ β7ðTi �Wj � KiÞþ λwþ εij

(4) 

If β7 is negative, this would imply that the relationship between response or-
der effect and word length is larger for less domain-knowledgeable people 
or, equivalently under this specification, that the relationship between re-
sponse order effects and knowledge is more strongly negative for longer 
questions. Using the estimates from model (4), we also estimate the overall 

7. Note that it will also be important to calculate this primacy effect estimate over the range of 
question word lengths in the data (as we do below) and also to examine the estimated coefficient 
β5, which estimates how the treatment effect varies with question complexity and respondent ed-
ucation in models (2) and (3), respectively.
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primacy effect over the range of question-word lengths and respondent do-
main knowledge levels in the data, which from Equation (4) is: 

β1þ β4 �Wiþ β5 � Kiþ β7 � ðWj � KiÞ (5) 

As a robustness check, we also estimate versions of these models including 
control variables and interactions between survey form and these controls 
(see Supplementary Material tables A5 and A6). The point estimates are 
similar across all specifications.

We estimated a series of different model types to ensure that our results 
were not sensitive to our OLS regression specification. First, we estimated 
models (1)–(4) using logistic regression given that the outcome variable is 
binary. Second, we estimated a hierarchical logistic regression that models 
the fact that questions are nested within respondents by using random inter-
cepts. Our linear regression and logistic regression specifications also take 
into account this nesting by clustering standard errors by respondent. Third, 
because both linear regression and logistic regression models impose spe-
cific functional forms for the relationships being estimated, we estimated a 
LOESS model to estimate these relationships in a flexible, data-driven way. 
As explained below, the results are robust to model specification.

Results
We first estimate model (1). As shown in column (1) of table 1, a response 
option that is listed on top is 2.8 percentage points more likely to be selected 
(p< 0.001, two-tailed). Given the large sample size, all of our reported 
effects are precisely estimated. For instance, the t-statistic associated with 
this effect is 5.87 and the 95 percent confidence interval of the primacy ef-
fect ranges from 0.019 to 0.037 (i.e., from a primacy effect of 1.9 percentage 
points to one of 3.7 percentage points).8

As shown in column (2) of table 1, the primacy effect is estimated to be 
stronger for longer questions.9 The coefficient estimate for β3 indicates that, 
for every one-word increase in the item length, the primacy effect increases 
by 0.0009 percentage points (p< 0.001, two-tailed, 95 percent confidence 

8. How large is this effect size? For calibration, we recoded the dependent variable for whether 
respondents selected the “liberal” (0) versus “conservative” (1) position on the case, and esti-
mated a linear regression predicting this variable with the standard seven-point partisan identifi-
cation item ranging from “strong Democrat” (0) to “strong Republican” (1). Moving across the 
partisanship scale increases the likelihood of selecting a liberal response by 36.2 percentage 
points. Hence, the overall response order effect is about 7 percent the size of partisanship. We 
also calibrated the effect size by asking: Would our inference about majority support on a case 
change based upon which response order respondents were presented with? We found that it 
would in 7 out of 40 cases (17.5 percent).
9. Comparisons of goodness of fit across models can be found in Supplementary Material table A8.
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interval of [0.0005, 0.0013]). While this coefficient estimate is small, note 
that a one-word change in the length of a question is also quite small. Over 
the range of the independent variable (78 words), this coefficient estimate 
implies an increase in the primacy effect of 0.069, meaning that a question 
with 131 words (the longest question across all three survey waves) is pre-
dicted to have a response order effect that is 6.9 percentage points larger 
than a question with 53 words (the shortest question). This interactive rela-
tionship is illustrated in figure 1, which shows predicted response as a func-
tion of question length for respondents who received Form A (solid line) 
versus Form B (dashed line). The estimated response order effect as a func-
tion of question length (which is equal to the vertical gap between the two 
lines in figure 1) is strongly increasing with question length. At the low end 
of item length, the predicted primacy effects are insignificant and close to 
zero; at the high end, the effects are large and significant when the question 
word length variable takes its largest value in our data. Response order 

Figure 1. Response order effects increase with question length. Model predic-
tions (with 95 percent confidence intervals) based on Model 2 in table 1, hold-
ing FK score at its sample mean.
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effects exist for these sorts of questions overall, but importantly there are lit-
tle or no such primacy effects for shorter questions and relatively large pri-
macy effects for longer items.

In contrast, question complexity does not moderate response order effects. 
As shown in column (2) of table 1, the interaction term between the Flesch- 
Kincaid score and the response order manipulation is close to zero and not 
statistically significant. As shown in Supplementary Material table A4, this 
null effect is robust to an alternative operationalization of complexity be-
yond the Flesch-Kincaid score, a complexity index generated by taking the 
first principal component of several complexity measures (as de-
scribed above).

As shown in column (3) of table 1, the primacy effect is estimated to be 
strongest among the least domain-knowledgeable respondents (i.e., those 
with low values of Ki). The coefficient estimate for β3 indicates that moving 
across the range of the knowledge scale (i.e., from 0 to 1) is associated with 
a decrease in the primacy effect of 9.8 percentage points (p< 0.001, two- 
tailed, 95 percent confidence interval of [−0.135, −0.061]). As illustrated in  
figure 2, for those who answered all six items correctly, the response order 
effect is estimated to be close to zero and is not statistically significant 
(p¼ 0.15, 95 percent confidence interval of [−0.025, 0.004]). For those who 
answered none of the six items correctly, the primacy effect is extremely 
large, estimated at 8.8 percentage points (p< 0.001, 95 percent confidence 
interval of [0.061, 0.115]).

In contrast to domain knowledge, response order effects were not condi-
tioned by respondent education. As shown in column (3) of table 1, the in-
teraction term between education and the response order manipulation is 
close to zero and is statistically insignificant. Hence, when asking about 
complex issues, response quality is not compromised by the cognitive so-
phistication of respondents, but rather their interest and understanding of the 
specific subject matter.

Finally, given that we observed significant moderating relationships for 
question length and domain knowledge, we estimate a regression model that 
allows for question word length and respondent knowledge to have an inter-
active relationship with primacy effects in column (4). In this specification, 
the three-way interaction term (β7) is negative, consistent with our expecta-
tions, and highly significant (p< 0.001). Three-way interaction terms can be 
complicated to interpret; hence, it is more straightforward to illustrate using 
predicted values from the model. As shown in figure 3, response order 
effects are most strongly related to question length for the least domain- 
knowledgeable respondents answering the longest questions. We see that for 
short questions (left pane) there is little or no predicted response order effect 
across the range of respondent knowledge values. For average-length ques-
tions (middle pane), we see significant primacy effects for less domain- 
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knowledgeable respondents, with this effect declining as knowledge levels 
increase, and no primacy effect predicted for the most knowledgeable 
respondents. Finally, the right pane of figure 3 shows that large response or-
der effects are predicted on longer items for less domain-knowledgeable 
respondents, but the most knowledgeable respondents are predicted to have 
small or zero primacy effects. For respondents who answered all of the 
Court knowledge items incorrectly, the predicted primacy effect for shorter 
questions is roughly zero, but it rises to 17.4 percentage points for the lon-
gest items.10 Among those who answered all knowledge questions correctly, 
there is little difference in the predicted response between those receiving 

Figure 2. Response order effects decrease with respondent knowledge. 
Model predictions (with 95 percent confidence intervals) based on Model 3 in  
table 1, holding education at its sample mean.

10. This prediction is not simply driven by functional form assumptions, such as linearity, in the 
regression model. The raw difference in response means on the longest question between 
respondents given the two forms among those who answered none of the knowledge questions is 
15 percentage points (and nearly 18 percentage points when poststratification weights are used 
in this calculation).

14                                                                                              S. Jessee et al. D
ow

nloaded from
 https://academ

ic.oup.com
/poq/advance-article/doi/10.1093/poq/nfae050/8005355 by The U

niversity of Texas at Austin user on 25 February 2025



Form A versus Form B across the range of question lengths (see rightmost 
predictions in each pane of figure 3). Respondents with intermediate levels 
of domain knowledge show a clear relationship between question length and 
predicted primacy effect, but this relationship is not as large as it is for less 
knowledgeable respondents.11

Supplementary Material section 4 contains numerous robustness checks 
that confirm these main results: (1) question length (and not complexity) 
moderates response order effects; (2) domain knowledge (and not education) 
moderates response order effects; and (3) question length and domain 
knowledge have an interactive relationship. The results of these robustness 
checks include: (1) similar results including respondent-level and item-level 
controls, along with their interactions with Ti (Supplementary Material tables 
A5 and A6); (2) estimating a logistic regression instead of linear regression 
(see table 2 of the main text and Supplementary Material figures A5–A7); 
(3) estimating a hierarchical logistic regression model instead of linear re-
gression (Supplementary Material table A7); (4) using flexible LOESS 
regressions instead of linear models (Supplementary Material figures A8– 
A10); (5) operationalizing question length in various ways (Supplementary 

Figure 3. The negative relationship between respondent knowledge and re-
sponse order effects is moderated by question length. Model predictions (with 
95 percent confidence intervals) based on Model 4 in table 1. Left, middle, 
and right panes’ predictions are based on question length at 53, 99, and 131 
words, respectively.

11. We again use partisan identification to calibrate this effect size. The 17.4 percentage point 
effect is over 48 percent the size of the effect of partisanship, indicating that it is substantively 
large. We then examined the response order effects among the subgroup of below-median 
knowledge respondents answering questions with above-median lengths. Within this subgroup, 
in 55 percent of cases (11 out of the 20 longest questions), our inference of majority support 
would change based on which response order respondents were shown.
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Material figures A1–A4); and (6) operationalizing question complexity with 
an index based on multiple measures (Supplementary Material table A4).

Recommendations for Researchers and 
Concluding Remarks

In this study, we have examined the determinants of one form of survey sat-
isficing—specifically by way of response order effects—when asking about 
complex policy questions. We further demonstrate that item and response 
characteristics can interact in important ways, creating large response order 
effects that can strongly influence the substantive conclusions reached in 
public opinion research. These interactive effects can obscure important het-
erogeneity when just examining primacy effects in isolation. Although our 
overall estimated primacy effect of about 3 percentage points is in line with 
moderately sized effects found in the literature, the fact that primacy effects 
under some conditions are estimated to be more than 17 percentage points is 
a warning for applied researchers interested in asking about increasingly 
complicated political phenomena.

Future research can further investigate the mechanisms underlying these 
results. Our preferred interpretation of the reason domain-specific knowl-
edge moderates response order effects—but education does not—is due to 
higher respondent motivation. However, an alternative explanation is that 
low-knowledge respondents exhibit nonattitudes (Converse 1970) and there-
fore select the first available option. This seems unlikely given that question 
length, rather than question complexity, interacts with domain-specific 
knowledge, but our data cannot rule it out. Nonetheless, regardless of the 
specific cognitive mechanism, our findings make clear that satisficing is 
most likely when low-knowledge respondents are answering long questions.

That said, researchers should not refrain from asking about complex poli-
cies or political scenarios. Reporting on public opinion around these issues 
is important. However, researchers should consider question wording that is 
as short as possible while retaining key information. Further, question length 
should not be increased to achieve simple language. For example, in our 
own study a large response order effect (of 8.7 percentage points overall, 
16 percentage points among respondents with below-median domain knowl-
edge) was estimated for the question regarding the “Remain in Mexico” bor-
der policy at issue in Biden v. Texas (2022). The question prompt (54 words 
out of a total length of 113 words) read: 

The U.S. Department of Homeland Security required noncitizens trying to reside in 
the U.S. to wait in Mexico while immigration officials process their cases. 
The Biden Administration issued an order ending this “remain in Mexico” 
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program. In response, several states sued, saying that the Administration did not 
have adequate justification in ending the program.

This question could have been substantially shortened. Consider the follow-
ing version (33 words), which removes all but only the key facts: 

The Biden Administration ordered the end of the “remain in Mexico” immigration 
program in which noncitizens trying to enter the U.S. had to wait in Mexico while 
their immigration cases were being processed.

Another example that had a large treatment effect (7.9 percentage points 
overall, and 14.7 percentage points among respondents with low knowledge) 
was a case called Brnovich v. Democratic National Committee (2021) re-
garding alleged voter suppression. The original question prompt was very 
long (and at 80 words put the question at the 95th percentile in terms of 
length) and read as follows: 

In Arizona, if a voter arrives at a polling place and is not listed on the voter roll for 
that precinct, the voter may still cast a provisional ballot. After election day, 
Arizona election officials review all provisional ballots to determine the voter’s 
identity and address. If officials determine that the voter voted outside of their 
precinct, the ballot is discarded in its entirety, even if the voter was eligible to vote 
in most of the races on the ballot.

Consider the alternative shortened version (49 words), which again removes 
any unnecessary words: 

Arizona law allows people not listed on a voter roll to cast a provisional ballot. 
However, if officials determine that the person voted outside of their own assigned 
precinct, they can throw away the entire ballot, even if the person was eligible to 
vote on some of the races.

As these examples show, there is a trade-off between providing more details 
and question length. Note that we did not compromise on linguistic com-
plexity in these examples, as question length seems to matter much more. 
Hence, researchers asking about complex issues should focus on being brief, 
rather than using extra words to make the language simpler. This result con-
cords with our finding that respondent education does not reduce response 
order effects. In contrast, domain knowledge, which is likely associated with 
familiarity and interest in the topic, is a key moderator. Recent research 
(e.g., Berinsky, Margolis, and Sances 2014) has found that inattentive survey 
respondents severely compromise data quality, particularly with online ad-
ministration. Thus, keeping questions short is also important to prevent satis-
ficing among less interested respondents.

In sum, asking about complex issues is undoubtedly important, but it 
should be handled carefully. This is particularly critical for those respond-
ents not that interested and knowledgeable about a specific topic, which not 
only could comprise a majority of respondents but also may be difficult to 
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address using survey weights. Indeed, given that a majority of people may 
be unfamiliar with complicated political and policy areas—including not just 
the legal issues by the Supreme Court, which was our example here, but also 
policy-heavy issue areas such as climate science, civil rights, and economic 
policy—the concerns we raise here may be particularly salient for political 
science research. Given this reality, our recommendation is not that these 
topics should be avoided, but that all else equal, shorter question wording 
is preferable.

Supplementary Material
Supplementary Material may be found in the online version of this article: 
https://doi.org/10.1093/poq/nfae050.
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